CHTHE 25z 0m

FEFE - HESF PR X IT AR SFEMNE ERFFERN a8t
—2024 FFAH- N K- EAEEEEFARTEH TN
7R ARE

BE AL EFE LT YREAMF T AR SZ AL GBEARA L, IFiE A3 3 AR
THFIFEEERFHEE P 28T MERKGEHEA R %R FIhEFTIEALEEFHEZTA
REOH R, RFRDTITAZFIOLT., EMEGA TZ B2 8 RA DI R EMAG N
AT ik R kR F R A LR B F) A5 8 K B A Fe e R 6 5 T v AR
BAT 2B R ARETAZ LR ARG R E . IR0 £ 5L R T o KARAE & 9 M Y
Zr BT AL MR S AH R AR R R F A, A B R LK TR & BRI FH
B HENMESBEA R MEMEANE T R EITAZFE BEE T E T F TN
B, ARG FERTRRAAE AR F Hb LA LA AR T H LM, LT T
HA K B G AR IR 0 By PR S AE R T BRI

KB AL EBEEL AAZFE BRI AR

FE R « il F5 P75 (Philipp Strack) BIXF AT R 28 55 2 G B 2 05 24 19 sk 4 26 B & B kG 5 1%
T 2024 4E FE LRy - DLk - v b ve o AR vE T 1985 4F H A A 1l Uk R, B R A M O I [
& R A BBy, 7 2009 4F 1 2010 4F 515 J5 2R 45 5 R 2 28 B 2 A b R B AL~ 437, 3 1 2013
AEARAT U B R A P 2 o T BRI S R A SOOI 5 B B AR 22 I N LS R, A
2014 4F & AE N M K20 se R 43 B U RAUE B L8, T 2018 4R W FH &2 e 2RI 8% . H 2019412
AT R R 2 R B4 T AT B BE AT S Bt oD W98 F2AT: 5 2022 4R THIT & B 4 BT IRAT HE &
KETT BRI 22 287 . 4P ow 8 3R A5 W B i 98 % (435 2% ) (Sloan Fellowship in Economics, 2019 —
2021) 7% [ 7 i (Handelsblatt) ¥ 3% f f & 7 8 [ 28 55 % 2 (2021) Al Bodossaki 785 Hi 77 4F B 2% 5 %
(2023)9 JFF 2022 4F Yk Wit AT E A+t EN—M R, A 2011 4EHF i & £FEARR
SCRASK it R v B T2 S AECSE E AP RIS ) A T & 3 415 SC=, 58 il 16 s TAE B 3.

Jiti R r v 1) AR AR R AR RS 0 A AL R SO AR G ROy . BT E L MRS 2
KT Y& e A R EEPEAR BT anfar e S 45 8. GREAY M5 8 A5 2 /N an el 52 i e 3 4 [l i, Ean
TEYR AT RG22 T ) A28 1 1 2 A IREE T iy 2% > AU 8 A% 36 (] 8, f A B AU 3R 1 > M e 3R Hip
(27 2 158 s 7047 B U 2R U, 4 1 7 — 500 A 2 B ok ok 220 1 45 5L AR pR R, T B L S B
1 Ak, 45 0 B7E P PE B Z (rational inattention) | 2R 56 BEiE 5 8% il AR B /R £ 4 R (sequential
sampling Wald model) .3l 2515 & 3 USRS FIARE 2290 55 J7 [m) BB B A T2 B9 0 FH 5 76 HIL I 3 1 40 8k, il
iz {55 (extreme points) A1 & J37 1k (majorization) Jy ik 38 T —Fp B i AL HI e 110 ¥ 7 vk . T3¢

* PR GERMEGRIAMEE), I MBE R FZFFR, W H %D 310018, & F ¥t 4 : wangxh1@vip.163.com. &4
B AT AR FALRA B (LY23G030003) ; # A MALALHFHFALH B (23YICT90130) . At B % F
BERAGETHEL, XLTAH A,

O H 1992 5 FF 8 , 1% 5 52T Bt SR 94 T B F 5% BR A0 7 S (IS s il 48 ) 28 Hh B AE R R & o
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O3 AR S ANAT Ry 2255 27 A B U o HIL B A PO S F 5 05 e ok A 48 Al B BEAE 6 R R R
TTHK o

—REMITAZFF

W RERE e 5T HRIAT M USRS 1Y Je BRA , E RS T S A IR A X FUE BT I AT o
SREYFZm, N HESD 13— AT WA T F i R

(—)EBHRRK

225 ) R B R 8 A A A T X A R R I ] A R 2 A I R 2 2 ) R AT RO AR SR B T
ANATE R X A [ s ] A ke 3R N A5 80 R R XS 0 (1 AT 33 A 2B 5 v AR 22 4 (4 4 ft
o B B 55 55 ) A AE o BT il ML 28 UF 7 S N R 2R AR 4 1 T 48 B AT B A (exponential discounting
model) > 2 1] 5 3 P 5 v 5 UL 0% B ) U R B4 o T AT A 8 0% 2 5 ) i B, S o 1) 885 30 e o 5 3R L
i ] AN — UM (time inconsistency ) , B4 HR 58 35 T 6T 95 K2 21 7 09 e 38 s 36 IR AR 5 AN 1f o0 5 1) 02
AN N TC 2 58 4 T A F 28 A I, 33X 2R T 2 R IS N 5 4 48 58 I Z IR AT 55 . Witk
35— AN B B D 15 250, 0 BT R R RO HEAT NG B, A T RE A A B AN BE R OG T Y
X 28 5 B Y (hyperbolic discounting model) .

b B, f7 M &5 R 5] A G ) “ KA (naive) AN ERAE X X —HEZR VEAT T 97 8 B AAT]
53 WA 4256 19 A (sophisticated agents) FIN& AT 28 50 144 (naive agents) . A4 250 A s B E
T SR 5 40 e SR AT AR AR R AN ARSI 2 B TR A 08 B N A i E SE = R AT 55 A ]
B SR 3o i A2 % 0L iy 288 0 BASE TR (%) — A~ AT S T 00, IR R AT 55 5 B T 1) 5040 At T AR s ) AS
— B RS DA BB SR AR AR B Ak 8 58 AT 55 A AR A 2 R I TR — B A B
R A5 2 B0 5 D 58 B BT (1] A Ak 55 A A Bsf () A — SRR R o 7E COA B 8% 1 BT L A TR 310 A 4 1) B B5F i
%) (Heidhues &. Strack, 2021) —3CH i FF 7 50 55 82 9, 2R H 8 0 ¢ B4 55 19 56 B0 B0 10008 £ A
B 58 AT 55 19 A R £ 16, A1 F8 WL G2 (B S 43 07 Ui ) 2 75 ) AR W7 HE o 5 3 1) EF ] i &7 A8 — 2K
PE? AT 3BT T LA AL AR R A U e S T I o R 2 K 58 AT 55 0 2 4R 58 BUAT: 55 1 )
A3 BT I TV T LN 1) 58 B AT 55 A AR RIS £ (HL R0 T PR 5 3 AR AN [R) e 0 A 4 i AR 1 o A, HLZ o
AT TE A 5] s T] 2 A0 BLoph S7 1, ELOR SR 38 B I ] ) 43 B R0 o Ak, 23 B U R AOWE 5 38 o 5 35 1
YIHE bR . PR, X A o Bsf () 00 201 B A o XU M 4 (1 2480 3 .0 R AE) B 78 5 W e 3k h Iy
2800 1Y PSR SR U, LA ST 58 AT 55 Ry S L AT 8 AT 55 AR SRR AR I S Bk HOBI 23 m
JZ R T AT 45 78 0 O U 2 50 5.0 R (55 35 09 ) AT 55 58 mUE Fe il 42, RO SR 3 = B A sl o &
KA BAFTE— A BB AT S & B 0% #3285 4 M 40 A o

TECAE IR PR A 2 ) (Heidhues , Készegi & Strack, 2023) — 3CH, jifi 85 57 78 2 gl 7. 17— MR HE
AU b A AQ N 2 [ P I A AT S 32N R S AL A SRl A R B DT AT S A T Al R & [ B
AN X X S R A B o AT SY T B i — MR L SR )5 I R HE SR i B T L4 o K
FLKCE AR B IR 47 47 & Lo 2R EME LT, MR R A RRR G A A M. 24
T, ANV SEBR 1 F W (self-view ) 23 AN BEBL IS MR i . 5% — B W AE 00 T IZAMER I AT o B L
LA T B 8 o 55 Y IREE R AR AL L WO R RE PEAT A AR S I T, B vk E T
—ANEE SR 5 Z RS T AR R 0 B rh AR S R M s R T A O R R 5 L R
i T3 b AN B R By 7 I R 2 B A DA 28 5 v AR RE 0 T TR B A Tk R
A BRI o S0, 5 AR AR B AE A LG R BT R S S S AR SR PR b R RO A DG 1)
RLZ 0] S 0 A N B AR DGR o AATTHE AT Y — SE B Y A5 R AT R T AT G L 1A i AR i
AFFE HHETZ 2R I 27 2 8

(Z)|KRRE

+ e S R0 AR VR 3 B A 2 A Y 5 B (prospect theory ) ST 4 48 B9 W S UH PSR H T Bk, IR E AL
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RAT RV o EE NS E R Z — o B EIS I AR YR B AR B AT R A T AT AE X
DXL Bt 2o 4o A8 ke SR B TR T B MRE R I ASL A1, T S RS Y A 0 B A S BB (reference dependence)
F 2R D% (loss aversion) o JF2e 58 38 AR T TR 5K 35 09 2 25 i J2 o] el 30 7F T0030 e ) BRI A
28 (Koszegi &. Rabin, 2006) . #X 1M, ¥F 2 5 22 35 A 5 19 45 3 97 A J2 i 97 AR g2 19, i 2 il A 1
TE SR WG 53 b (A BLAE TR E 1 o

DL 5 T 450 2R DROW AU 1 9% 285 110 5 W 6. 2 IF 9 I S 70 R o B B2 v R A7 19, G0 B P 0 A B8 A4 52
S H X A 5Y B AT 25 SRR G R W 2 A Y nT BRI B AR R R R R BR TR A Y 4l R e B A A
WX BRI o T L Z A A SRR T4 e DR Y g 35 22 )AL % T 52 1) SR s L B A X e = 3 1) i e
e F U, 7 L T %) 45 2 B 5 5R W B 5 ) (Dato, Grunewald , Miiller &. Strack, 2017)— SCHY , Jifi 4%
L 0 SR 4 5 DO B AN AR 3 00— FRORE R v X Rk DO R 9 3 2 ) Y SR g BBl kAT T 4
5T . B 5E B Z AT ST (Koszegi & Rabin, 2006 ) #4) & (4 3 i i & P e 24 PRI R & 7 — 4%
TS AT HESR | JF A R 1 4 T 0 X b I 48 1 0 vk o HOW 3R T 00 2R OB B 30 3 i) SR Mk A7 o 5
HEIH O B TSR3 B SRR AT N A R [R] o FRIR, 2 B 1 408 2% DR TS 1Y) 4 46 1o 2 F 38 4 A7 AE Pk
] i

(Z)LEBE

TR 2E T i K SCHRER I, S ANTEVE 245 O 0 LA ot 8 1 550 2548 A 0 52 B i AR A 4
Fean, BT 1 FR i 158 00 W 00 2 1 AR PR s e D, (H SE PR b S AR B &, il — A A ek
RO N Tl & IR /A G LD O S B VA = (BRI T 8 = =2 N WS Cill iy - N P S PR o=
FEOGTE I BE A5 1A T K FONT 28 5 13 (9 52 W 5] 2 FLAFF 5 - X T REA 2ok B A 15 Bl O 22 15 & A A
b, A7 BRI B A AT Al BB S . 2 M SCERIA Ry A 2] R O AR Y AR (HE AR SR 1)
WA RIE B B B 15 15 & W R R 2 e DL A 2% 2 (Gervais & Odean, 2001 ; Chiang et al.,2011) .

TE AN 32 B 1 3 2 AR S 59 2% 2 ) (Heidhues,, K6szegi & Strack, 2018) — 3CHR , Jifi 45 7 73 55 BF
58 T 3L BE A AE B9 PR ] B L B M M S DL R At D SR A O MR . IR ORI 5T Y BT Rk
TETUE] AR89 55T AU AR AR R NG S S S, WA MR KB T —2K 0 HAE
AR LIEN : AR S A A S RRE I I, 2 o & S BUE & — 2w 2 B IS RT3 Y
P AR KB, 3% BN 2 I o 3% — 38 S 0T LAZE BT BA SR 5 v & 21, 3 B A S & 3 80 7ok ik 45 2%
IH4& T AT X 3 Fe e M2 > R A B PR EE ST TR AR, OF BRI, dn SR R A 2 AN
ALROIPE S R B 2 o R W AT 3l . 5 B2 AR AR AR I, k= A A5 09 AR 9
B 2] IR H IR BRI, D SO A T A o AT TR S Y X R e SR 0 A 28 T PR v L SR AR R
W AL AL H A TS I HOR R B4

PAFERIF 5% Hp B 40 B0 52 07 22 b (A B0 Sk B R 2 T) ) B 0, sk 25 0, E SR A 0 T, 5 B AT H A AR ]
SEAE 9 22 BOREIA I 1 A LE D BOREAR 1 B0 25 A2 B IX G R o Rt R AL AR, &0 2E At a2 L
Koot B2z R S5 W T VAR T B A TR, O 45 G At 23 A TR) BR800 I 40 7 B 592 A 1% v i SR kAT 17
9% . ECGEE H 5 M) (Heidhues, Készegi & Strack, 2019) —3C R jifi 457 7 50 25 vE— A X DL 4%
O AR HEAT T AE A, R Tk B A AE AN ST S Al 7 A R R D L O B AR VR 2216 B0 T I 3 fm] b 3
b BE A AR DL PSS Rl A S . AT TECE AT AR B Ol T BAF NIRRT DA B A 2
5 &) BRI, IR PET A T — A S DL AT . 268 — 47 o8 AR L R A TR R A L T A
A ATATT FE AR 23 32 BB X R 7T 2 R R DL A A o IR 4 . B = AT h ER S A K
L B L R 2 O AR A TE A R R . X R R T A S I — D R B AR Y S —
TEUA P O DL DL R A AL #1357 (legitimizing myths ), BVl i DA 2 R BURE A 59 P st S iE AT 24k & 45
Gt FE R AR o 5 = UL A AR B R B BRI T AT Ry FARAE PEAR S5 R 45 R AR Ak s R o
AN TE AT XL A R 1 A 7 7 T A Y — A A R € R 1 [ L ] B B AR Y — SV A B S
SRV A 2 [ G A (B 46 RO 4 ) SR P RE 2 A A o 2800, 1m 47 o R4 At A S B B (9 o1
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A 2 CLn G BT Ja B AR 9 B A7 J20) S5 14 I X A N A8 O D o 5 10 47 o AR 5 7 AR R AR D DL, 3 3
BRI — 8 1 S0 Sk BE AR 2 il 47 oA T2 A 7 A X6 39 B AR 1) i AL AL 23 9 20 JEC o JEC Al 0 A 1 i D, o 565
7N AT FEARTA ) TN E] R — B TR AN o AN AT R AR R TR A A BE BAR BIAT O AR R AE
VAL S5 e 1 IR B 58 B, B AT S AR S0 O B AR X R AT BB PE . 2t R v S AE
BEAY B aiE 1 AN Y ok BE AR B A 2 20 o O I (4 A A T 2 T T B X6 R 1 s D1 8 5 00 1

(m)%3)

2 2 R AL IR R RS ) — S R, s TR AR ) MW . AR — TR AT AT N
AR, I NN IE B B 22 FEAIL 0% S5 8 RIAE B0, IR 2 Ath 25 o] AR 408 5 0 Be 2 1R ML I 25 2 ok i
FET BR324 1R, DA e KL Bl #5 o FER T, 28 2R VLI A & T Iz i H o
Fotn , FEHEFE R G A N Ak 55 6 R F0TE F P 6 NAS Y b 0 R, 5 SR R AR R W 4
FHP AT e AR H P i A (LG T )R iy g 32 ) o

TECY I 25 2 DA B Y SR ms 1 52 5 ) (Heidhues, Rady & Strack, 2015)— 3CHY, it 43557 78 45 %
) A2 T A HRE 2 T I 4 A [) 1 5 B [ 2 R ML ol ), 3 ) A — A2 4 (2 R DLER DT ) F
S XU o E AT AT B 0 DRSS ) 2 R M, Y AR Ry 2 T AT R B 2 T O B 4 i 42 1)
MUSAR R T E WS IRECO RS B B S5 5 0 LUl S B RS T3S T e S 5 E R R
149 2 B0 A G, HC I 3k i ) 2 A ) e DG ) 12 R s 4 5 T DA S B e 5 DL S 4 . R A 2B A
MR JE R, X e g gt T AHE T 21D L2 538 0 FERIE , 7R 1048 i 78 Y Bk BR et [i) B 2y
AT H A P SR I B R A R 2y DL BRI

TECTE W 4% 5 & | o) vh 2% 2] ) (Huang, Strack &. Tamuz, 2024 ) — SCH it 57 w0 S 0F 58 T K947
TE M PR PSR 2 e e At s W gk rh 2z 2] o FERASBT T B SR A R AR TR BN G R AT Bl s
B~ FANAF S IR — A Hollgs ROk TR AT . i T8 T s ke TR 5 &,
AR MERS R AT A RRAE . A2k, AT AR 52 3R WY, TC e I 45 ) RS RITE AR (R0 eR B DA M e 5K 35 1 T
O AT AT AT Y SRS TR 127 2 B AR A — A B BR O 880) , i A8 8 R IR e T80 A5 5 19 40 A o

(E)HER2ER

11 R AT IR A% O [ EUR : AR PR RAT AR A R 7 BRI 3R S 30 7 AT s AT A3
PR ZMER—P HUBIRL (drift diffusion model, DDM)IA K, AMITTHYAT B PSR 15 Ja FE A AE 7E— M B
et AR, Y B A 15 BB A B AR S . TR i B B R B U SR AT s T AN IR AEAE
— (LA ] B A T SRR (Y R B T T S R N7 ) IE 2 T A (B R SR R 38 (value-based decision) o
HAS R R, el B ISR — 3 BB Y 3 ] F e e R AT 45, B A AR AN £ 3 30 B () B SR AT 55, 48
SRR R R Z P BR T RAT SR A R © 215 3 TR 19 B0k

e CGH R VB M R VR B 09 e A Y HL) (Fudenberg , Strack &. Strzalecki, 2018) — 3¢ Hr , il £ 7 7o 45
WEFE T BR300k S 7 7 B (5 B 3R B (sequential information acquisition ) it 45 S 348 555 o ] 5} 55 45 7] B 1E 1
FRT) B AT TR — 0 R 3 A 35 R ARE 5 R ke SR IS ] A9 B 5 0 A AR Dy e OO SR A ) A e .
o, SR AN E BT B RO, IF R B SN B R] P B AR . WRSR A IR R, R
110 ERB A5 R IER 0 I8 4 547 EAR RSP ek iy R R A AT RS BRI 1Y . XL
28 W) IR — 1 BRI T A G BT UL 4% B 1) e 5 I [] 5 30 R M 238 2 D) R DGk IR A 8 LB R o
TR SR 35 R D% 45 b 1B 35 22 T] A 280 22 5+

TEEERS— P BB AL P 3R B S AW B AR , 1 2320 7 ok S 52 1k 3 S B BR BT R L SRS
1E I 3 15 55 i s UM R N 08 8 18 5 58, DA T AT LA fige e 0 ¢ 3] 1Y) 3K 5% R s g B RIS 2 A R e
#—P WU R ) (Fudenberg,, Newey, Strack & Strzalecki, 2020) — 3CH , it 45 $7 70 8¢ B 4L T 12 BRE A5
R RN R AE 22 B, UE T T SR ME— 1k T T RS RS AR AT 5 TR AR R IR — T B Y
BEAN AT 35 T A PR Hc s 4 , £ FH BE 45 Al 1125 (spline estimation) X% IS A AT TR IR IR . 1X
S ZE IR E TR PR BRI 20 N A T AR AR E T —Fh BB S T A 2 BB A5 A fu] IS Y
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o MR v A T A AR PR B E YR TR — T BIOR RY , OF 0 T 0 LR A5 SR Y 1t L 38
P TR B TR T G R I T I XN A T A O BRI R S ST T AN WS R
BLAE B A 0 37 oty i 22 T 27 BRIS 5 47 28 5% 27 B DL R SEE TAE Z A 488 T A 2t .

—EREFF - HFHNERERERSER

5 R U B AT B R TR R A e SR R R AR o R 5 X AR R 2 U A B B LAY
DUHRAE T, T — A58 — 9 2> BIAAE 22 5 220 1] 45 50 AR [r) 250, I LA sk Shy 5 il >F 220 1m0 B A J2 505 LA &
EUSE R X IS

(—)EBIRENB A B

TEAR B2z, o7 35 30 i DA {5 S 2 SRR A A0 (0%, T LA R B W 4. 43 i R AR T2 A A
(R, e 220 115 5L G544, O S LR A 30 AR pR SR R R B 1 T U A R AR IR LA R T
R B A 5, SCHk H FH R JR DL 5 —SE A #8 #L% (Kullback-Leibler divergence) .\ H. {5 B (mutual in-
formation) F1 & 4 5 ( Shannon entropy ) 55 &K B & 5 B & 1 R/ FEUE BB « 18 2 i bR i A 1
JE ) (Pomatto, Strack & Tamuz, 2023)— 3CH, Jite 457 57 50 45 3 T34 U1 R 245 32 74 1 37 ( Christopher A.
Sims) (4 3 VE B 2 38 2 R B RN R RO R AR AR A L 3R T o RO B AR L AR S AR RO A
(log-likelihood ratio cost, LLR) bR % . PR i 22 310 B T 7 A 05 10 A8k 8 ok BiE £ 47 8 30 s 2 v i A
BB, HARE 17 B AR IBGE B o AN 2 37 1 5290 VR T N (sub-additive) i, B 77 58 45 42
1 LLR PR by 5256 1A 2 7] in 4 19 Cadditive) , iT AAE o & R 0 B & ik R Or R IFA T
— TR 3 O {5 S AR 25 R N B AR A o AR = AN A B (1) PR B R S RS
(1) 52 56 A B g o (2) 8 7 S 58 AR (14 T i 2 B R AE S i Sy S 56 ) R AR S B S B0 AR 1Y
Hls H 2R 05 & SURR WO BR 20 N B OC T 7 i otk 9 A J2 B A 1 1) B0 A 46 T I B 10 A JBt 25 JT A5 i i AR
PR A o (3) i BE T 2 B, BYELA 0.5 A A 28 s D 1) — A SE 36 (9 iUAS 55 T 5o 1 A A 3 s 2 1) S 5 7Y
BUAS B — 2

it 5 P 5 A XA B AR 1 2 B4R 3R R X B4 T A n R DL ST 22 A I R AR R
Mo LN, Y e 35 AE WA — RSO TR — 25 B4 M AR B, (5 8BS 5 100 400 00 0 s i)
SR I LE A9 B 33K o B AR 25 R A R R A AT T AR B 7R 7 1) R K 5 iR 5 S AR AR 1 6 3R ) (Morris
&. Strack ,2018 )—3CH R A LA A B o A8 57 T 28 T 2 T 46 il 2 R, = 3 I OB T 7 A
A5 B BUAS pREICRE A2 {H L AE A AR T 8] R0 0% Jey BR A 70 e 45 v o 58 X A5 80 IR 1 3R 348 AT LAk b ks 2
SRR o D A I H R AF BN AR 5 2 U T PRI R R R X TR S AR L 1R A N A 0 R R ) Bl
RN =X | SR

(Z)E B &M FARE

TEAR Z 2 Be B, WIR A 0 AT DA T sl 4 @8 2 A BRI A o Lo, g T e L R sl At J T 1)
BELAH] e 1 0 BB 1) A5 R AE {5 B AEVF 218 00 T AR 22 2RI . ARAT UL J2& 5 BF 3K 48 HE — AR R
CF 255 DR HL 275 22 )25 BRI AR A7 40 FH o i e Ak 91 B0 AF 08 45 52 DR 3P B9 1 AR 705 B X Bk A i
P, FECRRFAR 5 5 ) (Strack &. Yang, 2024a) — SCH, Jiti 435 P 78 25 X5 BB AR P 5 1 T —
NG — 1 M HESE . B T4 3 5 5 JR (Blackwell, 1951) 19 45 A0 S5 U ASHE 48 A T4 H A5 8 AT LAAE
RS — A5, B FA R AR AN Be B B 8 0015 B, T DU SCRH R RS . IR AR 3
MAE 5 W R AR S5 Y BR AR S h AL IR S5 S R 5 e MR R 5 T e B S I R B U, 2 B
AR BIE S AR B T RAEFAEER . 2 HEeE S T ARy - AL AR S 7T U]
— A AR ZS ) ( BEHLAS & 0ok RoR Y HALY s 2l TARES O 55 s BA AR D168 5 24

OS5 I 45 28 L (9 A 3 5 35 AR S 86 (Blackwell, 1951) , AT RS 1 i BA — A Se g Al A<, JF 7T LA i 2K
BUR B (— K S8 kB 1E A 9 Se 50 17 B0 I5 B — A5 S0 B3, S 96 B0 25 0 i 6 MG 236 =2 T ) 8 22 3 AT LA oy —
8 B AR A A Ak
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HAL {5 5 2 55 HE I 19 20 0 8005 5 B BLAS (garbling) B, {5 S 2 BROFAR A 1Y o 33X 8615 5 4124 T4
B X A B LR AR5 5 0% A 0 B DA% Y 1) R A e 2 — AR Y

Jit i B A5 3 Aok 3 I A ) B T 22 T R A A R BR AL R P A, S AF R A T AR A O B
FEPAL T — A2 A o AT R 20 A RS A N RAAE A T A RS S B EE
ERARTIES SRR O BE S CEHHET 0 BUE S R SRR B AL ORI S R R AR
) N =R I SR 7w o= 7 o W N S5 Ve I - S /A B 6 B e SR L Sl SN g A 2 [DA
M A% A0 A AT AR 4 Y N R o

1. %t B e ik

FETT AR, 56T 3L 20 P 1 1k A 53 SR IE 7 O 3 o] A0 o pe SR s ™ AR i GE T B L . Rk
U8 R ) B U R SR R TR A TR SR R A2 O AP B SRR AR A AR DG . DAUARAT AR R O ), it R
Frve S5l A — R B8 — DR A LUER R (0, y, ) B PR AE 1 4 AR B 2 75 25 HE 1Y
KNGE , 0 3R 7R 52 AR 3 B REAE CAn RO sl PRI m) ) Ly 28 M4 BHAE DGR AE CUNAE A5 D7 50 5B R 58 ) L =
7R HAh BT A AT LS B REAE (AN R BL %) o — D3k (BRGETH B A S LA s 205 (6, y,2) i A
T4t — NG Ry OIS S s, BTS2 R R AE 0 AT RE N ZE L o A OC, A AR FIME 5 s LA G, il
AT LA FH A TET 8 B RA D 37 45 F6 A5 1 14 8 R AR W] B 23 I A e B L o e R v S I 25 08 R T
AR W] —Fh Oy ik X RE AT PAL B A B S T2 OR AP R RAAE R R] e T R e B AT ]
SA kB A T DL A A

2. FPHURRBERBEFEE

FEAR Z Rl PR 5% v, B 8 F P 0 — SE R RS B A2 3 T 0 B, Lb A Ay AR ) R 2 R A A
R TS BE A RO e s A P A RO R B R )T R M S L i Rz v S R R
TRAPE S a5 e 0 T AT A2 R P i E R E S 2 AT R EIE . R
FA Lo iR gy ) S R R P B, BT AR AT OB R T A M EN A E S H—
Se 7 LR AP I (5 BN BB Y #E 45 ) h  L MARRL s S A T — A S AR B X RR A B A A (BRI E )
— SCH RS E5 18 A DA% 2 4% (Bergemann et al. ,2022) CEE A 4515 — i, SER M 2] W T 372 B AL 9 TR FA
Sz LA BB R L .

3. EE R IE 8 S MAREAL

15 BRI T 28 5§ 3K 32 305 105 B 358 |, o ansd b 7™ 5P AT 6 09 7= ST, e (3K
FAAG T 2007 it A5 RIS G M 7 A 7 i A (. S5 AT LA o Wi R ) 3 8 A4 303 5 Ml e 1) ) <K
SRR AR B R AR AT SE S AR B o K7 FISZ J7 Z ) A5 B 4504 T LA AAR 22 75 T R 2 35 (8 340l
AT P AR R Z5 0 . — 7 T, SR G AR A5 B L LA A ) S e 38 o e A9 L[] oo ik A8 1 e R i
PE LR RS 73207 B E B oRkmg o o5 —J7 T, 325 R S AR B RB A% LE 32 5 ST A B A sl 4 el &
A o T HL, 3K Z RS2 G 8 (05 2, 22 8] P A G4 T DLk — 25 5 na 47 4 b5 400 1 A B A B R 4

MEZ I BER A0 3K 556 F 7= dib 14 BRI 32 G 38 SE R BT B 915 B2 —FER , S2 5T L
SEAT 58 2 M b I A 5 A SR 2 G K G OC T A B L SE S D W 52 58 HLRE SEA TR A3 A 1B A
Haib KRR B 4A . B2 3K K5 B2 K5 B HA SR AR B 0y AH G, HLan R 505 1Y )5 5
W R A2 AN 27 5 S5 &M Ao ge it o, W 32 5 AT DL T v 8 Mg — 22 s B EHL ] (Cremer &
McLean, 1988) # WU (JL-F) Fr A B F0 4% 5 10 20 2 S8 G0 A A 56 77 b i 45 5L, D0 352 SRR W 22 5247
Prag e, HU A B8 — AR A T DA IO A I R Ay o AE R SE R A B AT i M 48 B ) (Strack
& Yang,2024b) — 3¢ it R 5w A5 8 1 A0SR SE K BAE S MSL TREMAES Wl B L RKE TR~
Fa FA PRI B I8 00 T, s 8 i — 22 SO R AL A 22 R 3E— 5 JE (McAfee & Reny, 1992) HLiH T i 58 4%
PR IBOR AN A AT 1Y, M I 32 58 B UG 10 S A ML J2 ) B — B9 AR A o TR S KR S8 B A F A
L SRR B RE B R (HE R TEREN R B2 L ENAME B R E S Kk i#T
M AL, CBRAAPR AP 5 ) — SCrb A 253 A AT LT >k 220 1 B 1k 22 W 255 S AT H A% B 0 1% T 3 A 4 2 1o
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= HHALHNRIT S A

H i DR G 50 45 £ 8 A% - /R 7% (Roger B. Myerson) 42 H 4 15 /R 75 fie 40 32 318 19 1E B v
RN = AR < B b A3 A ©H AR SE B AG(ENT o HI R AP ER 2 A A BE T )2
AT FEINTE 28 28 355 T, 3K 58 Z 180X 7 il B A (B2 AR DG By o DXL, AL a0 40Tl A6 AR 22 R 4R
REGH T o TECHAE SR F 1L . 23 W ) (Kleiner, Moldovanu & Strack, 2021)—3CH, jE 55 i
SEARLRG T ORMAR AR T A VR B AR R DA T Y — S 29 R, S LR B T T — ok
(53 87 5 05 o A AR B 22 35 24 B ML BTt R0 R 5 T AR A — A~ e [ 7 B AR 235 44« DA — 2H 2R R 4K
rh R — A R R A 45 0 1912 R R AL T 3k 2 B R B ] BT A OC AR BIVRR PG A ] v )
ZIR) B O FR o R PG 2 i) o ) i A FR R 02 (8] A O T 26 7R — > BRSO 6 T 05 — A R kR T AR
PE” B LU HE , e W) TE W58 2 55 A1 S5 5O B 8 1 T B9 e B BB I B 5 | A & 352 oh 1 an B IR B8 R P
(mean preserving spread) \ i — 3% 1& 2% A % 3 (Fan-Lorentz inequality ) Al —- By B AL /5 1 (second-order
stochastic dominance ) % HE & 48 5 Z % V1A ¢ .

(—EERAUHEZY minSERE

TE M 25 S5 KA B HE 44 4 it 411 S2 B RS v il B 0432 800 BE FL R (interim quantile allocation ) 405 72
A3 9 14, B A — > DL 3 98l A 25 HL 1 ( Bayesian incentive compatible, BIC) o H #i f i5 (19 A 3k
5 ) B 5 5 i B B 9 43 K ML T Cassortative allocation )t & DU - 307 38 il AR 25 AL, BT LA 5| S0 43
PLECT AL o FE AT S2 A v | I 25 d5 DR Ak Tl 3 {58 AT 6 A Ay SR 349 1 O B8 R T2 #0038 9 A0 i i ]
It B 5 ] DU Y — 88 2% 8 45 1 B O A TC B 2 P o LA 2R R 4000 1 o 002 A 38 3 1, At 9 4%
(B AT AR B LY o i ARe o7 o A5 A DA (B 5UFR = 7 A 0 2 B M, X6 T AT Anr X6 R i) DL o 34 38 A 2
BL, FBAF AE — 58 M 1 0 Bk 9 D0 35 5 % 95 il A4H 25 ML ] (dominant-strategy incentive compatible,
DIC) , i A A7 A= A8 [R] 04 Wi B %0, 9 77 A AR [R] 9+ 25 38 4% o

(ZIREEHE

TEHER Y R b i R AR 2L il # 2 i L A, B AR AR 58 — R A AR S s
R 41 2 A7 >f DT E 2 Jily , AQ 3N B 3010 255 FH S5 R AR T LA ER R R D S 5 2 A5 3], (H A AU B 8 IR
PR, LW 5 B A . QSRR A R A B ST B, 53 A — BT AT 0 R R G T R R REALIC L, L
St REAIL DT FE 7 S R A AR 1Y o W RR R S AR 45 1 T VR E Jy Z2 0 Rl AT LI AR A I A0 (D) a2
FCHEL A 53 A F IR 0, B Rh S A A AR 4 BE L DS C 5 52 5 (2) an SR A 40 A F HAT 6 4
(3 980 ) 19 2R TG 32 Bt B AL D T (0 9 DR JC ) AT DA e KA AR BN B U 8O, LA SR 26 R 73 4 F 2 A 33
8B 2R I AR I PR DR E O 8 AT DA R A BT I I A

(Z)EMERER

B FERBALRE S AR 0ARAS 02 TEL0, 1] Z 0] BA % B2 pR AL 19 430 A F LIRS 9 52 SRR AR
(AN B AT 32 IR SR . REATERES 0 FIBAT3 a U N UL (0, 0)=—(0—a) , BIEA

2

MR R UL (0, a):—[}’(ﬁ)_ “J , 7: 0, 1]>Ro BhELE AR FLE K (Kovac & Mylovanov, 2009)
FET- 347 B0 eR B SR M 0 T 22 PR AL SR AR RN O 22 R UK S AN ARG R A T O AR A
BILT, 0t 45 P o 55 45 B 2% 8 TR B 5 3 = AN 20 45, O TR0 AT b Sy e Pk e R A TRl R, B L
KAE E P AL RN B 349147 8l sR B e Ak R . 5 IO SE A 40 32 09 25 SR AH 0L, Bl AH 25 1 & FEAL
il R T 947 2l R S B .

(M) BB RWHERTF MR ER

£ Kolotilin(2018) #l Dworczak & Martini(2019) B 3 B [a) #1 Hh IR S i w 2 [0, 1] Z A —4
BT F AR5 ik B AT LI AN RIS B H S B iR O TREWEE . KX HEERE S« [Fo 2k
TR SR RE A . AR DL ST R, B A5 5 77 A — N 5 B M 8 00 A RS 30 43 A S ME . HellosE WL
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LR 5 HUE 5 0 SE A, SR 5 AR IS 50 43 A0 S 8 R S B R L AT B oo AR AT 1945 5 #0 J2 Se 40 Ak o
By —AELAS , Bt AT AF 5 o f1 e S R 0 A F AR R 5 R E G i ER B RIE B G, > F,
I 5 T % 2 1 B P Ak ) AR 6 T 4 S 0 05 S I MBS G B R o3 A o R K T W E SUTE IR B
BE B 0% H Ar R BT U0 Ak Il 0% 45 18 i T LA BB it 48 7 o A5 AT G AR (B A50FN 32 7 A0 10 8 35

A R R i R v AE HE I T2 3 A RO A e T vk T DA G b 220 T 2 R AR AR R DL v i i
ZII R R G R v S B 8 2 AR R M 1, H 2 3 1 A [ A1) e D AL ) 485 4 #1002 — R 1Y, 41
A DA AR AE — A F 7 A R AR 29 0 b i 4 pR B KA R) R, [R] B, A T A T 5 45 38 38 mT LA oF 2
I HL B T A SR A5 A B R AR AR T T ) R U FE al H AT R B R AR B A R T R) R AT

(H)IEHI R A : A HY KU #0 36#

16 (At A 9 A2 19 40 32 B138 ) ( Gershkov, Moldovanu, Strack &. Zhang, 2021)— 3CH, it 45 47 58 25 BF
GE T AE n > B A LT K 0 BR 09 A3 Z 18] 43 T m A B2 4 A U 25 B R AR TR R . 72 5405
Z AT (SE bR ) AT DASR B 94T 21 (7 AT 0 AR ) ok 52 o € 3K 407 5t 1) A7k AL, b g 38 A %
Wy B AR N AR Y X A S AL R TR R IR, R AR I AR e AR AL Z 8% T A0
SEAIL RS 1B o0 AT B ) 422 52 ) o A6 B BUAS B 5847 3l 09 43 e [a) A vy, 5 b 2 0 A (B 76 AR e % 1 02
AEZ Pk Y, PR O A 3N 09 WS gl S — A B T AR S5 o it AR v A5 Y R AR T A i R
AL LLTRT A6 R AN R AG — 4> 4 it 1 ek e R 25 2 o7 1 =1 0T 308 1) 2880 PH O 2 114 3 T 1) A

FEAASZ T AAS2 4 b A ok 1 KUK, PRI Sy SIE W) o 19 4 TBC FH AR DG ST 4 2 S SE BE ML Y o T X AR
e JXURSE 19 5 B o, 352 5 AT LRI P JEG A T 7 P DRSS g o L 17T 8 BB 2 1) 3 AR % IXURS: b P B T 5 )
PRI, Y 5 s 2 5L A XSS 00 3k R i L 903 265 FH Ay e AR, AR 4 XUy v e R e 7 380 A WA 4 RSO A 55 0
AR L T IS SR A 4 S2 AL ) B e T S A o 000 KU Dt 4 o 7ECle D411 32 IR TSI 80 5 1 7 XL
6 #L3k¥ ) (Gershkov, Moldovanu, Strack & Zhang, 2022)— 3CH, i 45 57 52 S8 WF 57 T 24 32 5% 1 o XUBS: R
2 H XS IR W 2 00tE 5 (55 S A WA S5 KA U RE AL ) (9 5 b 2 B A A0 25 e AR ML . b, R
2] 1) 45 7 WKUBS: PR % (constant risk aversion , CRA) (1% 2 fili #8% %4 J2 57 1] % 72 pR (Yaari’s dual utility
functionals) , 3X $£7Z bR J2 38 i % 5 0 AH OC A9 HE 232 20 47 ith (sl B A o 880 45 B Y, B AT A i XU
5 B RV B A8 =2 (R A B A3 R B A R A XU i R I T AT A 4 A SRR AT DL U — B
XL 65 B 3k (first-order risk aversion) A9 , X 51 T SCHK o i 109 2% FH B9 = By XU RS #03kE (second-order risk
aversion) o fEXFP R aF 5 2, B 7E AR 5 55 009 U RO A1, s b A PR B 19 2 J8 S ATt 2 TE 1
Tt R R T A AR T SE R R B e D AR LR, B AR BN AR - A A B AR A TG 6

FE S5 0 ORI B B o v, AR JE 0, O AROR 1% TR B R 8 K AU OB S A R ()2
W2 3] (1A N B A BELAE B8] 200 52 A5 A a9 AR 9% LA SBE 55 /N 9 G 5 4 . 56 1 MIE 3R S Al 4 A e 11 B
VA B TG b ok e O 58 2% IR 5 B S AR TR T AT AR R . FE R UL AR IS RO BE ML K RN i
] 2% #% ) ( Gershkov, Moldovanu, Strack & Zhang, 2023)— 3CH, jifi 4557 50 45 #2 1 7 B JE B S AR
PN S5 D0 PR B BT 1) 8, 2485 78 m) DUAR G b FH R e 8 O B8l v WE 258 38 114 25 1 AT g A =0 DA B DL
B PR 5 5 T, 2 — 2R 37 A % S o g R ) 0 T 1 R B 52 4%

7o | H A 53 Ak

JERERL E R T AE I B B X R JLAS SR A 1T B 20 B O 2 AR Y UL A 2 Ak XTSRS
1 32 300 R H: At P38 28 0% 2 0 5 O 1) B AR 22 BAR R R AT T 90 R A 9E
TECREHL 72 28 TP AY AR 1E H 1) (Seel, Lang & Strack, 2014 ) — SCH, Jifi K5 97 78 S50 28 T — A B ML 3%
FER AT A b 2 5 0] DL 7 o] B 45 1 W E A A i R, Hixfs SRR AE B Ed IR H
WInT BB Z M EE M S5 AR E TR R . X BRI A] DUAR 4f 1 v A 7 B # ok B W35 3819
PRSEE B, Aol 2 (8] 5 B %5 B 5 B R W 5 B RN L 4 I 4
R 2 2 55 4k 45 5 5 a0 53R T A BsF R 32 R0 7 B 3 22 T A TR Aol 2 o B oK 3B R HE AT 3 1
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IR AL 1 AN T 06 A 4 5 Y S AT L AR — A e LA b . 7R CRAT A AE B Y SR DL 452 1k 1R) )
(Thomas &. Strack, 2015) — SCH i 457 472 52 S A58 T 7 30 28 Z F6— A 38 il 2 455 A8 vl S A5 iy 52 e £
BNAT AR ACREATT LAWEEE B — AR AR B8 2R AT R e, OF e — s b LU . BHEA
AE WL 22 3 AQ B Y 45 1k D 3, (H T 1 WL I 38 452 1k SRS 19 SN, R 8 AT LG i R 25 AR B — 1>
SCASE AT 52 el ACH N B 452 1k 5 o 2 AR M B FE TTEE IE W] T S A A R AR T A
ALk SR Rl AL A R 00 (1 O ek — A I ) 4R ) 650 R 308 5 b A 35 e ) 8 7T LA AN 5 58 U Y 1
BT St (A 75 B2 28 Tk 0919 0 T S it 2 8 25 46 N 09 ST OB T AR BRASE Lk i e [R] iR ZEOR AR B
AR RANAT B IF 45 T SO — 2T i B AL 2o 2 ) 200 B2 E I 614 A% A7 A
I 45 4 B (revenue management) i 5 S 48 7E [ X ASB A2 55387 80 A9 75 SR A48 0 T anar 43 Bic 5% 5 s% e
M A )R, 0 i T R AR BT LR BT G SE T ORI R A B A o MO, R T R AR 2 AN T 5
M BEAL vt o FECEA SRS LI 2% & AR R B JR AT 5 R i i £k 45 KAL) (Gershkov, Moldovanu
&. Strack, 2018)—3CH i FF 47 vw S5 A T 24 32 G — 4> BEAL Y 5 2R AT R 5 3R M1 SR s 2 S R I o 6L
B S M —HERT i 25— RS BEDLENIE A 3K S, T ity (44 (/R0 3038 17 37 1) I )2 3K XY RS IR, 32
R NI S R BIAE DUk TR AR TR o M4 T — S Was e AR I AL, 98 R AL
ANBESRT AL O B — 5 M ML, TR 5 2 S AT PR e i o eI , 77 R B0 S5 25 ) s 8 B L B A8 f 2 K
e BB fie R AL i B 4 P o A ML v, 32 588 Sl — BRI A% , LIRS B R AR G R 15 . 5
TEEE AW B, S5 AL T e i AR B 5 211 52 e 0 B9 1 4
TEVEZ 2P B BN E 2 AT 3 iYW AR |, i 18 436 9 A4 3 B 572 il G =5 i g WAC 4, A 52wy JHG
W A5 B o SE AR AU 2 2R R A5 B R U (8, BIVAE (E A b BT B A9 5 2, AT e
MR PEAE S 5 BT AR R R 2473l . AL Z T, SO0 R I R T O A AR N B F2 3 2
217 R OR A AU 2 78 RS 2 T R RN S 56 v SR AT A A R T WA 4 =2 () AR R AR o i R e A
1E CEAT R 5 11 S8 56 ME R (1) = 3h 2% 2 ) (Fudenberg , Romanyuk &. Strack, 2017 ) — 3C il 45 7 v 25 8
UAWTFE 1 DL S A A B A B AT 8 DR B0 S 2 WS I Y 3 3l 2 > RS 2 SRR, A AT 1IN A i
VR AE SCHY 2 6 M 5 5t 2 A B K B SR S 1 S S AR B 1R s SR O, 78 A I, AR I—
A5 2 I ARATAH D A WA, 1L 3 AD A (R AN T 2 9, 2 — A [T 5 F180 o TR i 1 B BIL 2 22 T00 22 T, G v
DR 22 TR AR W) iz g 4 i HACEE A R IR 2 IR o0 Al o Al AT] S B 0 im 1 AU & AT 3 B A BR A7
N IR T AE S AT I SRR S Y AR A
S 3
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Philipp Strack’s Contributions to Behavioral Economics and Information Economics

LUO Jun and WANG Xiaohui
(Zhejiang University of Finance and Economics, Hangzhou, China)

Summary: The 2024 John Bates Clark Medal is awarded to Philipp Strack in recognition of his contributions to be-
havioral economics and information economics. This paper first introduces Strack’s background, and then summarizes his
contributions to studies of decision-making and behavioral economics, the measurement of information cost functions and
application of these concepts, and the development of a new analytical approach to mechanism design.

Firstly, in the fields of decision theory and behavioral economics, Strack and his collaborator expanded the theoretical
model to study how the learning process, information collection, information update process, and decision-making speed af-
fect the behavior of decision-makers in a dynamic environment, providing new explanations for the limitations of the tradi-
tional decision theory in terms of model and empirical measurement. On the issue of intertemporal decision-making time in-
consistency, they pointed out that the present bias of individual choices can be identified by observing the completion time of
tasks, which can be used to explain the phenomenon that a present-biased person may often excessively delay the comple-
tion of tedious tasks. Meanwhile, they constructed a general model to characterize the decision-making problem of individu-
als with misinterpreting themselves. For example, a smoker with self-present bias predicts that he will quit smoking soon,
but eventually smokes more. Or, an employer with implicit racial bias may think that he is treating all applicants equally,
and then end up with a racially unbalanced team. They also studied how overconfidence distorts beliefs and leads to bad ac-
tions with consequences not only at the individual level but also at a broader level, towards society, causing prejudice and
racism.

Secondly, based on the idea of Blackwell’s experiment, they developed an axiomatic theory of information acquisition
that captured the idea of constant marginal costs in information production and derived three axioms: (1) the monotonicity
axiom (experiments with more precise information cost more) ; (2) the additivity axiom (the total cost of each independent
experiment is the sum of the costs of the individual experiments) ; and (3) the dilution axiom (the cost of generating an ex-
periment with probability half equals half the cost of generating it with probability one). Those axioms have a wide applica-
tion in the field of rational inattention, the Wald model of sequential sampling, decision theory, dynamic information acqui-
sition model, probability theory, and information theory. In the field of monetary economics and finance, these axioms pro-
vide a complement to the limitations of the information cost function based on Shannon entropy. Furthermore, it also very
helpful for the study of data markets if linking the information costs to economic stories. In addition, based on the definition
of garbling in information structure, they proposed that information can be seen as a signal of state, so many concepts such
as privacy protection can be formalized. They characterized all privacy-preserving signals under any state space and privacy
set. These different privacy-preserving signals can be applied to research on statistical discrimination and fairness in algo-
rithm design and optimal privacy protection disclosure in auctions, and identify price discrimination and the market segmen-
tation conditions that prevent monopolists from implementing price discrimination.

Thirdly, they used extreme points and majorization methods to show that many well-known optimal design and deci-
sion problems share a basic common structure: all these problems can be reduced to the choice of an optimal element—that
maximizes a given functional—from the set of monotonic functions that are either majorized by, or majorize, a given mono-
tonic function. Their pathbreaking work on extreme points and majorization unlocks new doors for the theory of mechanism
design. The theorems derived under this new analytical approach are equivalent to the incentive compatibility constraints in
equivalence and optimality of mechanisms for revenue-maximizing rank-item auctions, matching contests, persuasion with
preferences over the posterior mean, optimal delegation, and decision-making under uncertainty. At the same time, the
theorems in the new framework can also be used to study equivalent results in the mechanism design, Myerson’s original de-
sign problem, and principal-agent problem with non-expected utility.

Finally, they also contributed to the research areas including the design of auctions, organ exchanges, dynamic pric-
ing of goods, optimal structuring of lockdowns in a pandemic, design of cryptocurrencies, and optimal taxation of goods
with negative externalities (such as carbon emissions).
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